CIS-445 Machine Learning
Weka - Individual Project 3 Report

Student Name Helen Le

The tutorial is worth 100 points.
Objectives: Learn about Weka, the Machine Learning Workbench

This project contains two parts: Part A and Part B. In both parts you will use Weka
Explorer and Weka Experimenter. In Part A you will work with the housing.arff
dataset and essentially follow the given instructions. In Part B, however, you will work
with Salary.arff dataset and explore the performance of several models on your
own. Some parts of the project describe Weka and machine learning algorithms. You
need to read these parts. There are also other parts which you have to work hands-on,
step by step, in Weka. Note that you need to copy some of the results and answer the
questions which | ask in the project and paste them into this document so that | can
check how well you followed all steps in the project. Because this is the second version
of the Weka — Individua Project 3, | would appreciate your comments and suggestions
regarding the organization, clarity, spelling, content, and/or anything else.

Please note that this file which now contains 3 pages may grow to a few more pages
after you copy and paste here the screen images, tables, answers to questions, etc.
from Weka — Individual Project 3 file.
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Copy and paste Figure 6 below. The Figure should be from your run, not from my run.

Open file. Open URL Open DB. Generate. Undo Edit. Save.

elected attribute
3 supervised.attribute.Normalize-51.0-T0.0 Attributes: 14 Name: CRIM Type: Numeri
Instances: 506 Sum of weights: 506 Missing: 0 (0%) Distinct: 504 Unique: 502 (99%)

Al None Invert Pattern Minimum
Maximum 1

Mea .04
1 CRIM StdDev 0097

T Class: MEDVAL (Num) Visualize Al

555"

'—n

[P —s & o o o 2 1+ 1 1 o o o o 1 1 v g g 1
05 1

Status

oK Log

Do all numeric attributes are mapped into the [0,1] range?

Yes
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How about the MEDVAL attribute? Is it normalized too?

No, not unless ignoreClass parameter is set to True in the Normalize filter.
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Copy and paste Figure 8 here. The Figure should be from your run, not from my run.

]
Preprocess  Classify  Cluster  Associate  Select attributes  Visualize
Open file. Open URL... Open DB... Generate. Unda Edit Save..
Filter
Choose | AttributeSeleation -£ “wekaatinibuteSelection ClsSubsetEval P 1 £ 1" -5 ‘wekaattributeSelection Bestirst -D 1 -N 5" Apply
Current relation Selected atiribute
Relation: housing-welka.fil ised.attribute lection-Eweka attributeSelection.CfsSubsetEval P 1 -E Attributes; 5 Name: CHAS Type: Numeric
Instances: 506 Sum of weights: 506 Missing: 0 (0%) Distinct: 2 Unique: 0 (0%)
Aributes Statistic Value
All None Invert Pattem Minimum 0
Maximum 1
No. Hame Mean 0069
1 CHAS StdDev 0.254
20 JRM
3(_|PTRATIO
40 LSTAT
51| MEDVAL
Class: MEDVAL (Num) ~ Visualize All
an
=
I L 0
] 05 1
Status
z: oo | g ¥

How many and which attributes were retained by the attribute selection filter?

Five attributes were retained.

List the retained attributes below.

CHAS - Charles River dummy variable

RM — average number of rooms per dwelling
PTRATIO — pupil-teacher ratio by town
LSTAT - % lower status of the population

MEDVAL — median value of owner-occupied homes in $1000’s
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Copy and paste Listing 1 here. The listing should be from your run, not from my run.
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(]

Setup  Run  Analyse

Source
Got 2000 results File. Database. Experiment
Actions
Perform test Save output Open Explorer...
Configure test ¢ Testoutput
>
Testing with | Paired T-Tester (corrected) |’ Zester:  weka.experiment.PairedCorrectedTester -G 4,5,6 -D 1 -R 2 -8 0.08 -result-matrix "weka.experiment.ResultMatrixPlainText -mean-prec 2 -stddsw-prec 2 -o
mean_squared,
Selectrows and cols | Rows Cols Swap
Comparison field | Root_mean_squared_error 5 (two tailed)
Significance | 0.05 - o
Date: 4/1/26, €143 ™M
Sorting (asc) by | <default>
Test base Selet | bataset (1) rules.3 | (2) fume (3) fumc (4) lazy (5] tree
Displayed Columns Select housing {100)  9.11 | €.22 *  4.95 4  4.41 *  4.64 *
. o u(100)  5.11 |  6.22 ¢  4.54 *  4.41 *  4.63 *
- § u{100)  5.11 | .22 ¢ 4.55 +  4.41 4  4.64 +
" Setect "ho p(100) 5.11 | €.22 + 5.15 + 4.27 + 4.64 *
Result list v/ /41 | (0/078)  (0/0/4) (0/0/4) (0/0/%)
1B4E:4T - Available resultsets
18:41:02 - Rool_mean_squared_eror - rules.ZeroR “ 480555414
18:41:39 - Root_mean_squared_error - nules.ZeroR “ 480555414
18:42:37 - Available resultsets
18:42:39 - Root relative_squared_error - rules ZeroR " 4805554 2 : . )
e ey - .SMoreg '-C 1.0 =N 0 -I \"functions.supportVector.Re roved =T 0.001 -V ~F 1.0E-12 -1 0.001 =W 1\" -E \"functicns.suppertVector.EolyRernel -E 1.
Lmean spareil \\"weka.core.BuclideanDistance -R first-last\\\"\"' -30801B6058777067172

In Listing 1 which algorithm is used as the baseline to which the remaining
algorithms are compared?

ZeroR, which is actually a great benchmark to compare against more complex models.
It ignores all predictor attributes, focusing on the target variable and predicting the
majority class.

How did the other 4 algorithms do in terms of performance (RMSE) compared to
the baseline algorithm? Did they do statistically better, worse or the same?
Remember the objective in regression is to have the RMSE as small as possible.
Comment.

As indicated by the asterisk (*) next to all tests, the classifiers performed statistically
different and lower than the baseline classifier (ZeroR). We know that a lower RMSE is
better because it signifies that a model’s predictions are closer to the actual observed
values, indicating higher accuracy and better fit. We see that the baseline classifier
actually produced the highest RMSE of 9.11 and all other classifiers produced lower
ones. Since a lower RMSE is better, these algorithms actually performed better than
ZeroR.
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Copy and paste Listing 9 here. The listing should be from your run, not from my run.
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@ Weka Experiment Environment a x
Setup  Run  Analyse
Source —
‘Got 300 results File... Database... Experiment
Actions
Performtest  Save output Open Explorer..
Configure test

Testing with | Paired T-Tester (corrected)

Select rows and cols Rows Cols Swap.

Comparison field =~ Root_mean_squared_error

Significance | 0.05

Sorting (asc) by | <defaut>

Test base Select pataset {2) trees.RandomFor

Displayed Columns Select housing {100)  3.14(0.65) |

Show std. deviations /]

Output Format Select

(2) erees.RandemPorest '~® 100 -1 100 -num-slots 1 ~K 0 -M 1.0 -V 0.001 -5 1' 1116835470751428658

19:10:10 -
191015 - |_error - treesREPTree “M 2 -V O
19:10:30 - Root_mean_squared_error - trees RandomForest -P
19:11:14 - Root_mean_squared_error - trees.RandomForest -P

Which model turned out to be the best on terms of RMSE?

Random Forest, which combines multiple decision trees using bagging to randomly
select a subset of features at each split and aggregating the predictions of individual
trees.

What is the value of RMSE and its standard deviation?

RMSE = 3.14 (thousands of dollars)
Standard Deviation = 0.65
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Discuss briefly the distribution of attributes.

Overall, there are 6,684 instances and 9 attributes which are described below:

Age, a numeric attribute, is a positively skewed distribution, meaning more of the data
clusters on the younger end of the spectrum. The minimum age in this dataset is 21
years old, and the maximum age is 62 years old. The average age is 33-34 years old
with a deviation of 7.596 years.

Gender is a binary, nominal attribute as there are only two options presented: male and
female. This dataset has 3,671 males and 3,013 females, making it decently balanced
but ultimately have more males.

Education Level converts what would be nominal to numeric by using a ranking scale:
a 0 represents highest level of education being a high school diploma, 1 represents a
Bachelor's Degree, 2 represents a Master's Degree, and 3 represents a Ph.D.

Job Title is a nominal attribute with 129 distinct jobs. The most common job is Software
Engineer with 809, followed by Data Scientist with 515, and Data Analyst with 329. The
less common jobs include Operations Director, Network Engineer, VP of Finance, UX
Researcher, and many more with only 1 recorded instance.

Years of Experience, a numeric attribute, is self-explanatory but describes the time
each instance has had in this career. The minimum years of experience is 0, and the
maximum is 34 years. The average years of experience in this dataset is 8 with a
deviation of approximately 6.

Country is a nominal attribute with 5 options that are all incredibly balanced: UK, USA,
Canada, China, and Australia.
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Race is a nominal attribute with options such as White, Hispanic, Asian, African
American, Mixed, and Black. The most populated race is White with 1,957 instances
and Asian with 1,599 instances. The least populated races are Hispanic with 322
instances and Welsh with 333 instances.

Senior is a binary attribute where 0 represents not being a senior position and 1
represents being a senior position. The distribution contains many more non-senior
positions than senior ones, which makes logical sense.

Lastly, Salary is the target attribute and is numeric, meaning we are dealing with a
regression problem. It appears to be a bimodal distribution as it has two peaks. The
minimum salary is $350, and the maximum salary is $250,000. The mean salary is
$115,307.175 with a standard deviation of $52,806.811 which is high, meaning there is
lots of variation in the salaries.

Did you normalize numeric attributes or standardize?

| chose to normalize numeric attributes, meaning all input attributes now have a
minimum of 0 and maximum of 1. Gender, job title, country, and race were not
normalized because they are nominal attributes. Salary was not normalized because it
is the target attribute and ignoreClass was not activated.

Which attributes were retained by the attribute selection filter? List them below.

Gender

Education Level
Job Title

Years of Experience
Race

Salary

Age, Country, and Senior were all removed.

Did you do the test runs of Linear Regression, IBk, Bagging, M5P Tree, and
Random Forest in Weka Explorer?

Yes, | used the normal Salary dataset (not normalized and no feature selection).

Prepracess  Classify  Cluster  Assaciate  Select attributes  Visualize

Classifier
Choose  LinearRegression -S 0 -R 1.0E-8 -num-decimal-places 4

Test options Classifier output
Use training set 31€55.5055 * Job Title=Research Scientist,Data Engineer,Manager,Ressarch Director,Data 5
-15850.8244 *
-2273.5183 * Job Title
(®) Cross-validation  Folds 10 26612.4176 * Jcb Title
Percentage split 4056.0489 +
- -347€.5182 *
More options... -41048.2071 *
10097.422 * Job Ti
(Num) Salary v 14555.3362 * Job Ti
-21784.5023 * Job Ti
Start Stop 12503.9353 * Job Til
Result list (right-click for options) Sk &
221830 - rules ZeroR Sees.saTe
22:19:06 - lazylBk
221940 - metaBagging 44886.1923 * Job Til 3
222112 - treesM5P -44477.5648 + i r of Ope: ons. £, irector o i ata ief Technology Of
222317 - trees RandomForest 25258.8666 * Job Title=ve of cperations,cperation:
e e e 19526.7346 * Job Title=Director of Data Science,Chisf
5299.4506 * Years of Experience +
1625.6884 * o ian,Mixed,Wnite, K
-11037.5085 * Semior +
18972.5799

Supplied test set

-17555.5518
11723.1105 * Jal

Time taken to build model: 1.88 seconds

0.5043
16730.5117
22477.2126
36.5598 &
42.5504 %
=N
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What are the preliminary results in terms of the performance with respect to the
correlation coefficient (R), root mean squared error (RMSE) and mean absolute
error (MAE)? Discuss.

R MAE RMSE
Linear Regression 0.9049 16730.5117 22477.2126
IBk 0.8939 12615.6874 24240.4368
Bagging 0.973 6167.647 12186.3229
M5P Tree 0.979 6072.766 10759.5897
Random Forest 0.9795 5540.7714 10685.3529

Linear Regression performed reasonably well with R=0.9049, suggesting there is a
strong linear relationship between the data. With lower RMSEs and lower MAEs being
desired, this model performed worse than other models.

IBk has a slightly lower R, indicating a still strong but slightly weaker linear relationship.
Its MAE is the highest out of all models, and the RMSE is the second highest.

Bagging has a high R value of 0.973, indicating a strong linear relationship. RMSE and
MAE are cut in half from IBk, making it a stronger model for this dataset. As it averages
out predictions from multiple models, it smooths out the errors seen in IBK.

M5P performs even better than Bagging in all three metrics with a higher R, lower
RMSE, and lower MAE.

Lastly, Random Forest performs even better than M5P, producing the best
performance with the highest R, lowest RMSE, and lowest MAE.

Overall, all five algorithms performed well, but the tree-based models performed the
strongest.

&# Weka Explorer
Preprocess Classify Cluster Associate Select attributes Visualize

Classifier

Choose |RandomForest -P 100 -1 100 -num-slots 1 -K 0 -M 1.0 -¥ 0.001 -5 1

Test options Classifier output

Use training set

Supplied test set Set... Scheme : weka.classifiers.trees.RandomForest —-P 100 -I 100 -num-slots 1 -K 0 -M 1.0 -V 0.001 -8 1
(®) Cross-validation Folds 10 Relasion: Salary
i = Instances: 6634
Percentage split % | 66 T g
More options... Age
Gender
(Num) Salary “ Education Level
Job Title
Start Stop Years of Experience
o i . Country
Result list (right-click for options) .
11:46:06 - functions.LinearRegression embias:
11:47:02 - lazy.IBk salary
11:47:18 - meta.Bagging Test mode: 10-fold cross-validation
11:47:51 - trees.M5P
11:48:22 - trees.RandomForest === Classifier model (full training set) ===

RandomForest

Bagging with 100 iterations and base learner

weka.classifiers.trees.RandomTree -K 0 -M 1.0 -V 0.001 -3 1 -do-not-check-capabilities
Time taken to build model: 0.85 seconds

=== Cross-wvalidation ===

=== Summary ===

Correlation coefficient 0.9795
Mean absolute error 5540.7714
Root mean squared error 10685.3529
Relative absolute error 12.1078 %
Root relative sgquared error 20.2317 %
Total Number of Instances 6684
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Compare the performance of IBk, Bagging, M5P Tree, and Random Forest to
Linear Regression (benchmark) with respect to the Correlation Coefficient (CC),
RMSE, and MAE. Are the differences in the models’ performance statistically
significant at p=0.05?

Correlation Coefficient

LinearRegression | IBk Bagging | M5P RandomForest
Salary 0.91 0.89* 0.97 v 0.98 v 0.98 v
Salary- 0.91 0.89* 097v 0.98v 0.98 v
normalized
Salary- 0.90 0.92v 0.96 v 0.96 v 0.96 v
feature-
selection

We see that Salary and Salary-normalized produce identical results, with Salary-
feature-selection falling slightly behind in all models except for IBk where it performed
statistically higher and better as indicated by the v. For Salary and Salary-normalized,
IBk had performed statistically worse than the base algorithm, as indicated with the *.
Bagging, M5P, and RandomForest then produce stronger correlation coefficients (closer
to 1) than the LinearRegression model. Random Forest and M5P produced correlation
coefficients closest to 1, making those the strongest models. IBk then produced the
lowest correlation coefficients, making it the weakest model.

RMSE
LinearRegre | IBk Bagging M5P RandomFore
ssion st
Salary 22465.44 2417247 v | 12241.83 * | 10776.99 * | 10709.68 *
Salary- 22465.64 24193.68 v | 12235.74 * | 10775.92 * | 10689.71 *
normalized
Salary- 22573.93 21379.31 * [ 15124.78 * | 14528.68 * | 14582.30 *
feature-
selection

Again, Salary and Salary-normalized produce nearly identical results, though there is
more deviation here than with the correlation coefficient. Salary-feature-selection then
deviates more from the Salary and Salary-normalized datasets. Since a lower RMSE is
better, the * will indicate a better (lower) RMSE and v will indicate a worser (higher)
RMSE. For Salary and Salary-normalized, IBk produces worse results. However, for
Salary-feature-selection’s IBk and all other algorithms for all three datasets have a *,
indicating a statistically significant difference that is lower which again, is better in this
case. Thus, the base LinearRegression for all three datasets had worse results than all
other algorithms, except for IBk for Salary and Salary-normalized. RandomForest is the
strongest model as it produced the lowest RMSEs, which means there is a lower
magnitude of prediction errors. IBk and LinearRegression produced the highest RMSEs,
making those the weaker models.

MAE
LinearRegr IBk Bagging M5P RandomForest
ession

Salary 16717.30 12675.25* |6216.91* |6184.95* | 5573.49*
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Salary- 16717.70 12686.78 * | 6211.03 * 6184.70 * | 5564.27 *
normalized

Salary- 16765.96 11031.72* |8338.33* |9176.97 * | 7948.26 *
feature-
selection

The same trend repeats — Salary and Salary-normalized produced similar results across
all models, while Salary-feature-selection deviates more. A lower MAE is better, and we
see that all models produced a lower MAE than the base LinearRegression.
RandomForest produced the lowest MAE, meaning there were smaller average
differences between predicted and actual values, making it the strongest model.
LinearRegression produced the highest MAEs, making it the weakest model.

Do normalization or standardization, or attribute selection which you applied,
improve the performance of the models?

Normalization had virtually no impact on performance. Across all three metrics, the
Salary and Salary-normalized datasets produced nearly identical results for every
model. If there were differences, they were not statistically significant. Tree-based
models (M5P, RandomForest, and Bagging) and instance-based models (IBk) are
typically insensitive to feature scaling.

Attribute selection then hurt performances. For Correlation Coefficient, all models
except IBk show lower values with feature selection compared to the given and
normalized datasets. For RMSE, all models produced higher (worse) RMSE with feature
selection than the other two datasets. Lastly, for MAE, MAE increased for Bagging,
M5P, and RandomForest, while IBk actually improved compared to the other two
datasets. Since IBk is sensitive to irrelevant features, removing irrelevant features
strengthens its performance. Tree-based models on the other hand can ignore
irrelevant features through splitting.

Discuss Part B of the project and the results.

In Part B of this project, | used the Salary dataset from Kaggle. The goal is to be
able to predict salary using machine learning algorithms based on nine attributes,
including age, gender, education level, race, and more. For this experiment, three sets
of data were used: the given one, a normalized version (min =0, max = 1), and a
version using the AttributeSelection that only selected the most relevant attributes in the
dataset. To get through all ten repetitions with ten folds each, the experiment took
approximately 40 minutes to run.

The experiment used Linear Regression as the base algorithm and compared it
to IBk, Bagging, M5P Trees, and Random Forest. From there, the metrics obtained
were Correlation Coefficient, Root Mean Squared Error (RMSE), and Mean Absolute
Error (MAE). For Correlation Coefficient, the goal is to have a value close to -1 or 1 as it
indicates a strong, linear relationship. For RMSE, the goal is to have a low RMSE as it
reduces the magnitude of prediction errors, indicating a better-fitting model. A lower
MAE also indicates a better-performing model as it signifies smaller average differences
between predicted and actual values. We see that RandomForest consistently showed
the strongest performance and IBk and LinearRegression showed the weakest
performances.

Copy and paste all relevant screen shots from Weka Experimenter below.
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Correlation Coefficient (CC)
Qv eriment Envirer

Xp t Environme a x

Setup  Run  Analyse

Show std. deviations

Source
Got 1500 results File... Database.. | Experiment
Actions
Perform test Save output Open Explorer...
Configure test ¢, Test output
Testing with | Paired T-Tester (corrected) v |’ Tester: - i Pairedo ster -G 4,5,6 -D 1 -R 2 -5 0.05 -result-matrix "weka.experiment.ResultMatrixPlainlext -mean-prec 2 -stddev-prec 2 -=
e dati fricient
Selectrows and cols | Rows Cols Swap. Dataset 3
Resultsets: 5
Comparisan field | Correlation_coefficient v ||| confidence: 0.05 (two tailed)
Significance | 0.05 Sorted by: -~
Date: 471726, 11:30 PM
Sorting (asc) by | <default> v
Test base Select Dataset (1) functio | (2) lazy (3) meta (4) tree (5] tree
Displayed Columns Select salary (100) ©0.51 | ©0.89 * 0.57 v 0.9 v 0.9 v
salary-weka.filters.unsup(100) 0.51 | 0.89 + 0.97v 0.98 v 0.9 v
[

'8alary-weka.filters.supe(100)  0.50 0.52 v 0.56 v 0.56 v 0.96 v

Output Format Select
v/ /%) 1 /02y (3/0/0) (340400 (3/0/0)

Result list
232943 - Available resultsets :
23:30:02 - Available resultsets Rey:
23:30:27 - Correlation_coefficient - functions LinearRegression (1) functions.LinearrRegr: on "-8 0 -R 1.0E-8 -num-decimal-places 4' -33€4580862046573747
(2) lazy.IBk '-K 1 -W 0 -A \"weka.cors.neighbourssarch.LinearNNSearch -A \\\"weka.core.BuclideanDistance -R first-last\\\"\*' -3080186098777067172
(3) meta.Bagging *-F 100 -3 1 -num-slots 1 -1 10 -W trees.REPTzee -- -M 2 -V 0.001 -N 3 -3 1 -L -1 -I 0.0° -115879962237195703
(4) tzees.MSP '-M 4.0 -num-decimal-places 4' -611843503576B244417
(5) trees.RandomForsst '=P 100 =I 100 -num=-slots 1 ~KE 0 =M 1.0 =V 0.001 =8 1" 111€B835470751428658

ment a %
Setp  Run  Analyse
Source
Got 1500 results File... Database.. | Experiment
Actions
Perform test Save output Open Explorer.
Configure test < Test output
>
Testing with | Paired T-Tester (corrected) v Tester:  wexa. i Fai -G 4,5,6 -D 1 -R 2 -8 0.05 ix "weka. : ixFlai prec 2 prec 2 -c
Analysing: Root_mean_squared_error
Selectrowsand cols | Rows Cols Swap Datasets: 3
Resultsets: §
Comparison field | Root mean_squared_error ¥ Confidence: 0.05 (two tailed)
Significance | 0.05 CEOE =
Tate: 4/1/26, 11:31 M
Sorting (asc) by | <defauit> v
Test base Select Dataset (1) functions.L | (2) lazy.IBk (3) meta.Bag (4) trees.MS (5] trees.Ra
Displayed Columns Select Balary (100)  22465.44 | 26172.47 v 12261.83 +  10776.55 +  10705.68 *
. Salary-weka.filters.unsup(l00) 224€5.64 | 24193.68 v 12235.74 * 10775.92 *  10689.71 *
ST TS 'salary-weka.filvers.supe(l00)  22573.93 | 21378.31 + 15124.76 *  14520.68 +  14582.30 +
Output Format Select
(w/ /%) | (2/0/1) (070/3) (0/0/3) (0/0/3)
Result list
23:29:43 - Available resultsets
2330:02 - Available resultsets Fey:
23,3027 - Correlation coefficient - functionsL It ions.LinearRegression "-8 0 -R 1.08-8 -num-decimal-places 4' -3364580862046573747
233116 - - = _ functions Linea p— (2) lazy.IBk ) K 1 -W 0 -A \"weka.core.neighboursearch.LinearNNSearch -A \\\"weka.core.EuclideanDistance -R first-last\\\"\"' -3080186098777067172
oot mean squared.ero ey (3) meta.Bagging '~E 100 -8 1 -num-slots 1 ~I 10 -N tress.REETres -- -M 2 -V 0.001 -N 3 -8 1 ~L -1 -I 0.0' -115875562237155703
{4) trees.MSP '-M 4.0 -num-decimal-places 4' -£118435035768244417
(S) trees.RandmmForest ‘-2 100 -I 100 -mum-slots 1 -E 0 -M 1.0 -V 0.001 -3 1' 1116835470751428658
0 a X
Setup Run  Analyse
Source
Got 1500 results File.. Database.. | Experiment
Actions
Perorm test Save output Open Explorer_.
Configure test ¢ Test output
Testing with | Paired T-Tester (corrected) v’ zester: s iment.Pairedc ster ~G 4,56 -D 1 -R 2 -3 0.05 -zesult-matrix “weka.sxperiment.ResultMatzixPlainText -mean-prec 2 -stddev-prec 2 —c
Analysing: Mean sbsolute scror
Selectrowsand cols | Rows Cols Swap atassts: 3
Sesulesses: 5
Comparison field | Mean absolute_error ~| | confidence: 0.05 (two tailed)
§ sorted by: -
ignifi
SanRcapely 0.03 Date: 471726, 11:31 PM
Sorting (asc) by | <defaut> v
Test base Select Dataset (1) Eunctions.L | (2) lazy.IBk {3) meta.Ba (4) tress.M (5) tress.R
Displayed Columns Select salary {100)  16717.30 | 12675.25 ¢ 6216.51 *  €184.55 *  5573.49 ¢
Show st devit salary-weka.filters.unsup(100)  16717.70 |  12686.78 * €211.03 * 6184.70 *  5564.27 *
o st geviations 'Salary-weka.filters.sups(100) 167€5.96 | 11031.72 + 8338.33 + 9176.97 +  7948.26 *
Output Format Select
(vl /%) | (0/0/3) (0/0/3) (0/0/3) (0/0/3)
Result ist
23:2%:43 - Available resultsets :
23:30:02 - Auailable resultsets Rey:

(1) functions.LinearRegression '-8 0 -R 1.0E-8 —num-decimal-places 4' -3364580B62046573747

(2) lasy.TBk '-K 1 -W 0 -A \"weka.cors.neighboursearch.LinearFNSearch —A \\\"weka.cors.EuclideanDistance -R first-last\\\"\"' -30801B6098777067172
(3) meta.Bagging '-P 100 -8 1 -num-slots 1 -T 10 - tress.REBTres — —M 2 —¥ 0.001 -N 3 -8 1 -L -1 —T 0.0' -115875562237155703

(4) trees.MSP '-M 4.0 -num-decimal-places 4' -6110435035768244417

(5) trees.RandomForest '-P 100 -I 100 -num-slots 1 -K 0 - 1.0 -V 0.001 -8 1' 1116835470751428658

23:30:27 - Correlation_coefficient - functions LinearRegression
23:31:16 - Root_mean_squared_error - functions LinearRegressi

23:31:35 - Mean_absolute_error - functions LinearRegression '-¢

Write your comments and suggestions below. (optional)
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